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A Study of Decision Reasons in Flaking Length Prediction of Rolling Bearings Using CNN
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(c) Shapley values at the early stage (d) Shapley values at the late stage
Fig. 2 Spectrograms and Shapley values with the standardized method at the early and the late stages of flaking propagation
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Fig. 3 Spectrograms and Shapley values with the non-standardized method at the early and the late stages of flaking propagation
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