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Prediction of Friction and Wear Characteristics at High Temperature by Machine Learning
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Table 1 Explanatory variable

Temperatures (300 ~ 1,000° C),
Test conditions Load, Sliding speed, Number of cycles,
Material combination (7types of materials for Cylinder, 13types of materials for Plate)

Mechanical . ) I " . «
Material characteristics Density, Young’s Modulus*, Yield strength*, Tensile strength*, Hardness
characteristics Therm_al_ Thermal conductivity*, Specific heat*, Melting point, Liner expansion coefficient*
characteristics

*Characteristics at room temperature and high temperature
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Fig. 2 COF prediction using XGBoost
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Fig. 3 Hight of Adhesion prediction using XGBoost

(a) Cylinder specimen, (b)Plate specimen
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