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Application of Deep Learning in Robot Motion Control
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Fig. 1 Overview of the method. (a) Physics model of a pancake. u, g, and ¢ indicate acceleration, gravity, and angle of
friction, respectively. (b) Architecture of the neural network.
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Fig.2 Movements generated by adjusting the feature”. (a) Trajectories of the spatula. It starts from the origin and rotates
—3m/4 rad. Epoch indicates the number of updates. (b) Time series of the velocity. (c¢) Time series of the angle of
friction. Pancakes do not slip within the blue area. (d) Snapshots of the robot movement after 20 epochs.
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