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Table 1 Lubricants used for disctimination with machine learning of NIR absorption specta.

A B C D E F G H |

Category Gear oil Engine oil | Engine oil | Engine oil | Engine oil | Hydraulic | Hydraulic | Hydraulic | Hydraulic

Base oil Synthetic Mineral Mineral Mineral Mineral Mineral Mineral Mineral Mineral
Grade 320 5W-30 10W-30 10E-40 10W-30 46TX 46 46 46HN
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Fig. 1 NIR absorption spectra of 9 lubricant products.
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Fig. 2 Spectra obtained after preprocessing
(2nd derivative and smoothing)
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Fig. 3 PCA score plot of 9 lubricant products.
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Fig. 4 Outline of the application of NIR spectroscopy and machine learning to lubricant condition monitoring
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